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Parameter
Weight Initialization
Early Stopping
Optimizer

Values
He Normal Initialization
Epoch = 1000, Patience = 50
Adamax(Learning rate=0.005)

True values  Predicted values (inside Building) '@ Predicted values (outside Building)
%10°% %10°

2.36904 2.36904

2.36902 2.36902

2.369 2.369

Latitude
Latitude

2.36808 2.36898

2.36896 236896

@

2.36894 236894

8 o

.20

4.24898 4.249 4.24902 4.24904 4.24906 4.24908
Longitude x108

4.24898 4.249 4.24902 4.24904 4.24906 4.24908|
Longitude x10°
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PCA-CNN
No Constraint

SAE-CNN[1]
No Constraint

SAE-CNN
No Constraint
(He normal)

SAE-CCNN
Constraint
A=0.3
(He normal)
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Distance error (m) 01 03 05 07 09

10.366
8.904
9.572

Maximum
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Average
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